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Abstract. This paper focuses on the intersection between responsible artificial 
intelligence and organizational management. With the rapid advancement of AI, 
numerous questions emerge. Some of the most serious questions relate to how AI 
can be implemented and used responsibly in organizations. Managers play an 
important role in addressing these concerns.  Conversely, the implementation of 
AI also affects managers, eliciting ethical considerations. Reviewing 28 empiri-
cal studies, we examine the current state of research in this field. 
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1 Introduction 

Artificial intelligence is becoming increasingly vital to organizations, playing a sig-
nificant role in various tasks and business processes [1]. Increasing computational 
power and the introduction of generative AI have accelerated this trend to the extent 
that it can be called a ‘continually evolving frontier’ [2, p. 1433]. AI presents both 
opportunities and risks to individuals, organizations, and society [3, 4, 5, 6].   

Harnessing the benefits of AI while mitigating the risks necessitates responsible de-
sign, implementation, and use [7]. Responsible AI should be grounded in an ecosystem 
involving stakeholders at both organizational and societal levels [8]. Where there is 
more research on work on responsible AI at societal level, studies on responsible AI in 
organizations are less prevalent [8]. The ultimate accountability for responsible AI in 
organizations rests with organizational managers, who have central roles to play in the 
planning and organization of AI and subsequent changes in organizational structures, 
business models and processes [2, 9]. AI adoption and use also influences managerial 
roles, practices, and responsibilities, eliciting ethical considerations.  

Responding to a call for research on responsible AI [10], this study seeks to investi-
gate the current state of research on the intersection between responsible AI and organ-
izational management. We review 28 empirical research papers each addressing differ-
ent facets of this topic, and consequently provide an overview that serves as a 
knowledge base for practitioners and students, and as a foundation for future research. 

2 Responsible digitalization and responsible AI 

Responsible digitalization can be seen as an umbrella term that encompasses re-
search areas that overall are concerned with questions related to whether or not digital 
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technology contributes to making the world better [11], and to how elements of tech-
nology design, development, and use determine the answers to such questions. Pappas 
et al. [12, p. 946] talk about responsible digital transformation, which they describe as 
“integrating digital technology into a business in a way that is ethical, sustainable, and 
respectful of human values and society. It involves considering the potential conse-
quences of technological change on individuals and communities and taking steps to 
minimize any negative impacts.” Trier et al. [13, p. 463] refer to digital responsibility, 
characterized as “efforts of stakeholders such as individuals, corporations or public in-
stitutions to contribute to a sustainable, more inclusive, fair, and value-based digital 
society (or digitalization in general) beyond the legal minimum”. They categorize dig-
ital responsibility into topics such as sustainability, inclusion and participation, ethical 
design and development of digital technologies, data privacy, transparency, fairness, 
norms and values, and finally accountability – who is accountable for implementation 
and use [13]. Such values are also reflected in the AIS shared values for digitalization 
[14], that AIS proposes as a guideline for researchers, students, and practitioners. We 
adopt the term responsible digitalization as an overarching term for the responsible de-
sign, deployment, and use of digital technologies. Responsible digitalization is funded 
on digital competence [15] and requires that IS researchers be concerned with ethical 
issues and the question whether technology can contribute to a better world [11]. 

Artificial intelligence can be defined as the ability of a system to identify, interpret, 
make inferences, and learn from data to achieve predetermined organizational and so-
cietal goals” [16, p. 3]. AI is nevertheless a term encompassing a rather broad range of 
systems, that might be classified according to their level of intelligence, where most 
systems being employed in organizations today typically range from mechanical solu-
tions handling simple, repetitive tasks to analytical systems including machine learning 
and data analytics [17]. Though AI can bring many benefits to organizations, for in-
stance related to efficiency, quality, and decision-making, research has also disclosed 
serious dark sides to the use of AI in organizations [6]. Responsible design, implemen-
tation, and use of AI thus become central topics in IS research [10]; typically discussed 
in terms of ethical issues such as accountability, transparency, privacy, justice and fair-
ness, safety, non-maleficence, humanity and sustainability [18, 19, 20]. 

AI can be employed, framed, and perceived as a technical tool or as a coworker, 
depending on the type of AI system, the tasks it can perform, and the degree of interac-
tion between the AI and employees and/or customers [21]. As coworkers, humans and 
AI might work separately and even compete, alternatively complement each other or 
work interdependently [22]. AI can automate tasks and thus replace human activities, 
alternatively augment human value by enhancing our ability to perform different tasks 
with higher efficiency or quality [23]. In organizations today, the varying employ of AI 
in different contexts often implies that automation and augmentation are intertwined 
and interdependent [24]. Sabherwal and Grover [25] propose that for the use of AI to 
benefit society, the use should meet three conditions. First, AI systems should predom-
inantly be used for enhancing rather than automating or replacing human activity, as 
enhancement of human value has positive effect on society, whereas replacing humans 
has a negative effect. Second, AI-generated output must be rooted in reality and not 
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produce false and harmful content. Third, human strengths such as human reasoning 
and human values must be preserved, keeping humans in the loop [26].  

3 Methods 

We conducted a systematic literature review based on the recommendations of Okoli 
& Schabram [27], and Snyder [28]. We selected the keywords for the searches based 
on terms used in recent organizational AI literature [29, 30]. The keywords employed 
were leader*, manager*, governance and human-AI-interaction, in combination with 
“artificial intelligence” or AI.  

The search was conducted in May 2024. The search was performed in the Scopus 
database where we searched the keywords in the article’s title, keywords, and abstract. 
Considering that we view AI with an information systems lens, we considered the fol-
lowing subject areas: Computer Science; Engineering; Social Science; Business, Man-
agement and Accounting; Decision Sciences; Economics, Econometrics, and Finance; 
and Psychology [27]. We limited the output to journal papers published in English. The 
search yielded 4780 results, after duplicates were removed. The papers retrieved from 
the search strings were filtered based on the Chartered Association of Business Schools 
journal list (Academic Journal Guide, 2021). We selected papers that were published 
in journals that scored 2, 3, 4, and 4* [31]. Subsequently, 586 papers remained. We 
screened these for the following inclusion criteria: 

- Only empirical studies should be included;  
- the topic of the study should lie in the intersection of responsible AI and or-

ganizational leadership;  
- the study should be related to responsible AI in traditional organizations (pa-

pers on algorithmic management of gig work were thus excluded).  

After an initial screening of titles and abstract, 114 papers were retained for closer 
perusal. We read these thoroughly, applying the inclusion and exclusion criteria. Sub-
sequently, 20 papers remained. 

In July 2024, we chose to perform an additional search on the search term ‘algorith-
mic manag*’, following the same procedure, as this term appeared in some of the pa-
pers. The initial search yielded 721 results, but after screening for quality and inclu-
sion/exclusion-criteria, only 4 of these ended up being included in the review, as most 
papers on algorithmic management dealt with gig work through digital platforms and 
thus did not match the inclusion criteria of our study.  

Finally, we scanned the reference lists of the included papers, and conducted a for-
ward search through Google Scholar. We also examined published literature reviews 
on AI for further references [e.g. 32, 33, 34]. These searches resulted in the inclusion 
of four additional papers. In total, the review is thus based on 28 papers.  

We extracted relevant data from the papers (title, authors, year, journal, method, re-
sults) and organized it in an Excel spreadsheet. We conducted a thematic analysis, re-
sulting in four overarching themes, that we present in the next section. 
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4 Findings 

How managers make sense of AI and related ethical concerns impacts AI-
adoption. In a survey of 269 managers, Cao et al. [35] studied how managers’ attitude 
and intention to use AI for decision-making is influenced by both positive and ‘dark 
side’ variables. They found that managers’ attitude towards using AI is negatively in-
fluenced by perceived risks and threats, such as the risk that AI might make discrimi-
nating or harmful decisions. Such fears were however not significantly related to their 
intention to use AI.  Managers also had personal concerns that the use of AI in decision 
making might affect their own career and reduce their possibility to learn from their 
own experience and strengthen their own decision-making abilities. These concerns 
also negatively affect their intention to use AI for decision-making. Similarly, in a sur-
vey of 417 HR managers, Suseno et al. [36] found that managers with positive beliefs 
about AI were more likely to implement AI, while managers expressing anxiety over 
AI and changes following the adoption of AI were less likely to do so. Furthermore, 
HR-practices such as clear job descriptions, training, reward systems and participation 
might attenuate managers’ anxiety and thus strengthen their readiness for AI adoption.   

Koponen et al. [18] conducted a case study of a leading financial services provider 
in Scandinavia where AI could take the form of a technical tool or of a coworker. The 
study indicated that middle-managers play an important role in balancing different con-
cerns, both ethical and technical and related to job design and task performance. In the 
case organization, ethical issues related to GDPR represented a worry to the middle-
managers, who questioned whether AI-systems were designed to handle such concerns. 
Still, managers’ concerns can depend on the nature of their role and responsibilities. A 
survey of 73 CIOs in Spanish public city councils indicated a dominant technical focus 
on AI, while their attention to ethical and human challenges seemed limited [37]. 

Cuellar et al. [24] found that exposure to information on AI regulation has an impact 
on managers’ perceptions and actions. An online survey experiment involving more 
than 1200 managers in American businesses showed that when managers are exposed 
to information on AI regulation, their focus on ethical issues is strengthened, and they 
are more willing to spend money on developing an AI strategy and on hiring more 
managers to oversee ethical adoption of AI. The managers had a clear perception of 
being accountable for the AI-related ethical issues in their organization. But as their 
awareness of ethical issues increased due to exposure to AI regulations, also their will-
ingness to adopt AI decreased. Managers were prone to using AI in fewer business 
processes and to slow down the speed of adoption. Moreover, the findings indicated 
that managers find it easier to handle issues related to safety concerns (as these were 
perceived as more concrete and thus more easily manageable) than issues such as bi-
ases, discrimination and lack of transparency, that might be harder to handle.  

Einola et al. [38] studied the introduction of an RPA programmed to automate ad-
vertising space bookings in a Nordic media consultancy. The robot was framed as a 
colleague, given a name, and referred to by managers and employees in human terms. 
This humanization of the robot also reflected certain expectations, that the robot failed 
to meet, to the frustration of its human co-workers. In the study it was clear that mana-
gerial and employee sensemaking related to the robot, benefits, challenges and time 
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horizon differed largely and became a source and an amplifier of tension, as managers’ 
and employees did not comprehend each other’s perspectives. Although anthropomor-
phizing an AI-tool can have positive consequences such as increasing customer satis-
faction and making customers more forgiving of mistakes [39], in a leadership context, 
such practices can evidently have more negative outcomes [38, 40]. In another paper 
by Einola and Khoreva [21], the researchers elaborate on the same case. Their main 
conclusion is that there is no clear distinction between automation and augmentation; 
in the complex landscape of organizations these are ‘“everywhere” and constitutive of 
each other’ (p. 128). The authors suggest that humans and AI become interdependent, 
and exert mutual influence, shaping each other’s choices, actions, and interactions in 
an iterative process and a ‘constantly changing puzzle’ (p. 130). Therefore, they con-
clude that leaders cannot leave AI implementation up to technical experts but must 
themselves be heavily involved in the process. 

   
The use of AI can influence managers’ ethical behavior positively or negatively. 
Kipp et al. [41] found that leaders using AI as support in processes producing financial 
reports are less likely to engage in earnings management, unethical behavior related to 
financial reporting for their private gain or for their organization to look better [42]. 
These findings were based on an experiment with 146 managers, exploring how the use 
of AI influences their moral reasoning and subsequent financial reporting decisions. 
The study shows that managers are more careful in their financial reporting when the 
financial information supporting the decision has been gathered by an AI agent than by 
a human assistant, though less conservative with a more autonomous AI assistant than 
with a less autonomous. The researchers conclude that these findings are explained by 
managers’ perception of control and of the possibility of diffusing responsibility.  

Conversely, AI can impact managers’ ethical behavior negatively. Monod et al. [43] 
conducted a case study of a large Chinese firm introducing an AI sales assistant de-
signed to support salespeople in their work, to boost customer support, sales, and cus-
tomer satisfaction. Over time, managers realized that the AI tool also could enhance 
their own work, by using it to surveil and control how employees performed their job. 
Managers used the tool to gauge employees’ attitude, by analyzing their speech, and 
based on the analysis even to send employees immediate warnings during conversations 
with customers. The tool was also used to flag employees with lower performance and 
attitude, displaying a frequently updated overview on managers’ dashboards. Employ-
ees were thus under continuous surveillance. Increasingly, a secret objective of the 
managers became employing AI to replace (preferably all) human employees to reduce 
costs. At the same time, only the managers were fully informed of the actual af-
fordances of the system. To make employees use the tool, employees were provided 
with limited information on the actual functionality and the negative consequences it 
held for them and were led to believe that the tool was only designed to assist them. 
The findings of this study also point to a gap between the intended and unintended 
consequences of implementing an AI tool and indicate that a development process 
where both managers and employees had been more closely involved might have 
helped mitigate this gap.   
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The use of AI to automate or augment managerial work affects employees, often 
negatively. Whereas most studies on algorithmic management - the use of AI in man-
agerial processes, such as HRM and decision-making - are experimental or look at gig 
work [44], a study by Kinowska and Sienkiewi [45] represents one of the few studies 
that investigates algorithmic management in traditional work contexts. The study was 
done by analyzing data from the European Company Survey, involving interviews with 
more than 20.000 senior managers. The researchers found that algorithmic management 
moderately influences workplace well-being through negative impact on job autonomy 
and rewards practices. The impact was less significant for larger organizations.  

Another negative consequence of introducing AI as a boss involves a potential loss 
of status. Across fives studies involving surveys and experimental methods, Jago et al. 
[46] found that people perceived that being algorithmically managed compared to hav-
ing a human manager leads to a lower social status in the organization because it signals 
a simplification and devaluation of the job. 

Through an experiment investigating trust, Höddinghaus et al. [47] found that em-
ployees overall see human leaders as more trustworthy than AI leaders, though AI was 
seen as having higher integrity and (perhaps surprisingly) higher transparency, and hu-
man leaders as more benevolent and adaptable. Integrity was considered particularly 
important in situations when the power distance was more evident, such as in the case 
of disciplinary decision. Also, Bankins et al. [48] found that employees preferred hu-
man managers making decisions, as these were perceived as more competent, fair, and 
able to show respect and empathy than AI managers. However, employees’ evaluation 
of the fairness of the decision seemed based on the outcome rather than the decision 
process. When the outcome was positive for the employee, AI was seen as more just 
and trustworthy than when the outcome was negative. The researchers suggest that 
these findings can be explained by employees’ limited understanding of AI and of how 
human versus AI decision-making is done, and by a tendency to explain negative out-
comes from an ‘anti-AI’-perspective.  

In an experiment investigating how personnel selection supported by algorithms is 
perceived [49], 215 participants taking the role of an HR-manager were asked to eval-
uate applicant preselection, one gender-balanced, the other with a majority of male can-
didates, and one human-supported preselection and one algorithm-based recommenda-
tion. The study found that algorithm-based recommendations were perceived as more 
consistent and less biased than human decision-support. Still, participants preferred hu-
man recommendations as these were perceived as more fair and more trustworthy to 
uphold moral values. On a positive note, through four experiments involving 1700 par-
ticipants, Lanz et al. [50] found that employees are less likely to adhere to unethical 
instructions given by an AI supervisor than by a human one.  

Tomprou and Lee [51] found that how employees perceive employer commitments 
might depend on whether promises given during the recruitment process are delivered 
by a human or an AI manager. In situations where the organization failed to deliver 
outcomes promised in the recruitment process, employees seemed to be more accepting 
if the outcomes had been promised by an AI, thus implying that they perceived these 
promises as less trustworthy and binding from the start. Employees were then also less 
likely to quit. These findings pertained to relational commitments (socio-emotional 
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support), but not to transactional promises (salary, bonuses), that could be expected to 
be upheld no matter if they were delivered by a human or by AI. 

Based on a field experiment in a fintech firm, Qin et al. [52] found that AI can out-
perform human managers in providing feedback to employees. In the experiment, 196 
of 654 employees tasked with making calls to collect overdue payments from borrowers 
were given regular feedback from AI during a month, whereas the remaining employees 
received feedback from human managers. AI-feedback was based on audio analytics 
involving speech-to-text technology and machine learning aiming to evaluate calls 
compared to different scripts. Human managers had to listen through the calls and eval-
uate these manually. The study found that employees perceived AI feedback as both 
more accurate and more fair; free from personal biases against individual employees, 
as unlike the human managers, the AI had no relationships to the employees. The group 
receiving feedback from AI ended up making fewer mistakes and achieving higher per-
formance. The study also found, however, that strengthening interpersonal relationship 
between managers and employees would be the most effective way for human manag-
ers of competing with the AI, as the relationship also affected employees’ perception 
of fairness and their belief that the managers hold good intent towards them. This indi-
cates that managers’ social and interpersonal skills have become even more important.   
    In two experiments involving about three hundred employees in total, Pei et al. 
[53] found that receiving negative feedback from AI rather than from a human leader 
increased employees’ motivation to learn and improved their job performance. The 
study points to higher quality feedback and a lower interpersonal threat (lower fair of 
losing face). Likewise, Tong et al. [54] concluded that AI feedback supports employ-
ees’ learning and performance better than feedback from human managers, due to 
higher quality in terms of breadth and depth. In a field experiment in which 265 em-
ployees in a financial services company were randomly assigned to receive feedback 
from AI or from a human manager, results showed a higher positive effect from AI 
feedback on employee performance. Nevertheless, the study also demonstrated that 
there can be a negative disclosure effect, meaning that employees negative perceptions 
of AI feedback, lack of trust and fear of being replaced might yield a negative effect on 
learning and performance. This effect was smaller for employees with longer tenure. 

Yam et al. [40] discovered that if an AI tool is humanized and given a name, it may 
be perceived as more agentic and abusive when it provides negative feedback to em-
ployees, and that humanizing AI makes employees more likely to retaliate. 

 
The use of AI increases the challenges and complexities of managerial work.  
Several studies indicate that introducing AI might increase the challenges and complex-
ity of managerial work, such as ensuring appropriate skills in the organizations, build-
ing relations, and leading teams and ensuring collaboration.  

Analyzing a public set of US occupational data from 2006 compared with 2016, 
Huang et al. [55] conclude that we are entering a ‘feeling economy’ where interpersonal 
and empathetic tasks will become more important for managers and employees, while 
AI handles many of the analytical tasks. The authors note that this shift has implications 
for how managers should think of AI as part of their team and for how they 
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subsequently design jobs for human versus AI workers, and that in recruitment pro-
cesses of managers as well as employees, people skills should be recognized as crucial. 

Rinta-Kahila et al. [56] studied erosion and eventual restoring of employee skills in 
a European accountant firm that introduced an AI-based system in a shared-services 
center targeting a broad client base. The system automated activities including cogni-
tive tasks that had often been challenging and burdensome for the employees. Satisfac-
tion with the system was initially high, as employees experienced that it performed well 
and freed up time. Overreliance on the system, however, gradually led to erosion of 
employees’ skills, which to begin with did not trouble anyone, as the system delivered 
consistently. For the organization, the system remained a black box, as they lacked 
understanding of the system’s procedures and activities. Leaving the job to the system 
however left few incentives for employees to maintain their own domain knowledge. 
Also, the reliable performance of the system limited employees’ incentives to maintain 
a mindful eye on the output of the system but started to accept and use it without re-
flection or critical examination. The overreliance on the system and ensuing skill ero-
sion of the employees was not known to the managers but became apparent when the 
management decided on changes in the IS architecture involving the replacement of the 
system with a centralized system lacking the same functionality. Subsequently, man-
agement had to enforce skill maintenance policies and practices supporting a more 
mindful relationship to the process and an increase in employees’ domain knowledge.    

Similarly, Lebowitz et al. [57] warn that to avoid wrongful or harmful AI-founded 
decision-making, leaders must be able to question the foundation for AI outputs and 
understand the strengths and limitations of AI as well as the foundation and strengths 
of human decisions. At the same time, relying on AI output in decision-making pro-
cesses can limit learning and lead to skill erosion among human experts. Their findings 
are based on a field-study of managers in the health-sector evaluating machine-learning 
based AI tools making diagnostics of illnesses. The AI tools did not perform according 
to expectations, and managers eventually realized that the poor performance could be 
explained by that the tools were trained on ‘know-what’; known facts and rules, but 
lacked input resembling the know-how, tacit knowledge and intuition of human experts 
– strengths that AI designers had not able to tap into. Lebowitz et al. conclude that the 
final decision should always remain with humans, and that leaders must be responsible 
for ensuring human aspects of the evaluation.  

Introducing AI as a team member might necessitate that leaders take extra steps to 
maintain collaboration within teams. You and Robert [58] found that there is a risk that 
team members bond with AI to the extent of forming subgroups within the team to the 
detriment of the overall teamwork quality. Leadership practices promoting communi-
cation between the human team members, team building, and building a culture em-
phasizing the value of human effort and collaboration were found to reduce such risks. 
Also, leaders should ensure training that would help human team members understand 
the attributes and limitations of AI.   

In a case study of a financial services provider in Scandinavia, Koponen et al. [18] 
saw that employees experienced a loss of human interaction due to AI adoption. In 
particular, AI adoption led to a loss of interaction with customers. This increased the 
need for manager emotional intelligence, to provide social support to employees who 
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were uncertain or fearful of working with AI or of being replaced. In this organization, 
humanizing the AI tool was employed as a means of facilitating relations between hu-
man employees and their AI ‘coworkers’. The introduction of AI can affect not only 
employees’ tasks and responsibilities, but also their professional role identity, a change 
that might be hard to handle [59]. Increased interaction with AI leads to social discon-
nection at work, as AI does not offer the kind of feedback and interaction (smiles, facial 
expressions, and other verbal and nonverbal cues). Though employees might try to 
compensate by reaching out to colleagues, negative consequences still include in-
creased feeling of loneliness and has impact on employee wellbeing also after working 
hours (insomnia, alcohol consumption), that leaders need to be aware of [60]. 

Schulte-Derne and Gnewuch [61] found that operationalizing AI ethics principles 
was important for managers to appropriately handle challenges related to employees’ 
negative feelings. Though many organizations and public entities have established 
guidelines and principles, the authors note that these are often vague and challenging 
to put into practice. In a longitudinal case study of a German energy service provider, 
they found that principles must be operationalized through concrete measures and prac-
tices related to all the central principles: responsibility, justice and fairness, transpar-
ency, non-maleficence, privacy [26]. Recommendations include discussing and estab-
lishing responsibility, that managers must take steps to understand and address em-
ployee concerns and tensions, enabling open communication, striving for a fair distri-
bution of benefits and costs among employees, and allowing employees to see AI in 
action, to get a deeper comprehension of how AI works.  

Though the introduction of AI might increase the complexities of managerial work 
and increase the need for leadership training, a study by Newstead et al. [62] shows that 
AI might impact leadership training and education negatively, due to subtle biases in 
the output of generative AI used for such purposes. Newstead et al. studied 50 AI-
generated narratives of more than 40.000 words, where the chatbot was prompted to 
describe characteristics of good and bad leadership (in general, for male leaders, and 
for female leaders). Upon analysis of the narratives, the researchers concluded that 
when the prompts did not specify anything related to gender, all the examples of lead-
ership proposed by the chatbot involved male leaders, thus not accounting for female 
leaders at all. When prompts asked the chatbot to characterize good and bad leadership 
for each gender, the output varied largely. Female leaders were more likely to be de-
scribed as bad, though the reasoning was often weaker for women than for men, mean-
ing the chatbot seemingly had a more lenient perspective towards men. Wording also 
differed largely in the descriptions of good and bad leadership across genders, making 
good female leaders sound less impressive than male, and implying that women strug-
gle more exerting leadership. For instance, bad leadership among men was typically 
ascribed to tyrannic behavior, while bad leadership among women was linked to in-
competence. Based on their findings, the researchers assert that leadership training and 
education should use AI-generated output on leadership with care and consciousness, 
and that a way of disclosing biases might even be to use AI-chatbots to identify them.   



10 

5 Discussion 

Responsible digitalization and responsible AI are fundamental topics for organiza-
tions today [6, 10]. While a range of actors contribute to responsible AI [8, 63], in 
organizations, managers hold key roles [2]. In this study, we reviewed 28 empirical 
research papers on the intersection between responsible AI and organizational manage-
ment. 

Our review identifies four overarching themes in the research. First, ethical concerns 
are central to managers’ considerations regarding the implementation of AI, though 
managers’ awareness of such issues may vary. The studies reviewed highlight the value 
of regulations in increasing awareness [18] and regulating unethical behavior, such as 
undisclosed use of AI or hidden intentions [56]. Second, the use of AI might strengthen 
ethical behavior among managers but may also create new ethical issues for managers. 
Third, our review of papers dealing with algorithmic management in traditional organ-
izations reveals significant ethical pros and cons associated with AI use in managerial 
processes. Managers should thus evaluate and carefully determine when and how to 
integrate AI in managerial processes, and predominantly seek to use AI to enhance ra-
ther than to replace human managers’ strengths and practices [23, 25]. Fourth, intro-
ducing AI in the organization increases the challenges and complexities of managerial 
work, particularly as protecting employee wellbeing necessitates a conscious and re-
sponsible management approach. The responsible implementation and use of AI may 
thus require a shift in managerial focus, with a stronger emphasis on leading employees 
and lesser focus on administrative tasks, which could be supported or automated 
through AI [64]. 

By investigating the current state of research on the intersection between responsible 
AI and organizational management, we provide a knowledge base that is valuable to 
organizational managers as well as to students that in the future might become manag-
ers or find themselves in other roles accountable for AI implementation and use. Fur-
thermore, our review lays the groundwork for subsequent research. 

Our review reveals that the research in this area is rather limited. Considering the 
significance of the topic and the rapid pace of technological development, there is 
clearly a need for more research. We conclude this review with a call for further re-
search on managing responsible AI. Potential topics for future research could include: 

- how accountability for responsible AI should be distributed between managers 
in different roles and in different positions; 

- which skills future managers need to lead organizations where AI plays a 
prominent part and where managers are tasked with ensuring that AI design, 
implementation and use is done according to principles of responsible AI; 

- how AI-regulations concretely should be implemented and utilized for sup-
porting and promoting responsible AI;    

- how managers might concretely handle issues such as risks of social discon-
nect, competency loss, and employees’ fear of losing jobs or status; 

- as many of the studies published are experimental, further empirical studies 
on issues and possible solutions related to responsible AI are warranted.  
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